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Appendix A: Results for Market Games

In this appendix we consider predictions for the PC and RC market games.
Proposers’ preferences (8 p, rp) are drawn from some distribution Fp and responders’
preferences (B8R, rr) are drawn from some distribution Fg. The solution concept we
consider is a pure strategy Perfect Bayesian Equilibrium.

PrROPOSITION A.1. There is a unique PBE in the PC market game: both proposers
offer 100 chips, and the responder randomly chooses one of the offers.

Proof. [sketch] Let a be Proposer 1’s offer, and suppose that a < 100. Clearly, it
is never strictly optimal for Proposer 2 to offer anything less than a. It is also not
optimal to offer a. By choosing a + ¢ instead of g, the proposer increases his chance
of winning from 1/2 to 1. The net impact on utility is (100 —a — &) — (100 —a)/2 > 0
for ¢ sufficiently small. Thus, it is not possible to have @ < 1 in equilibrium.

O

PrOPOSITION A.2. The following is a PBE of the RC market game: the proposer offers
0 chips and the responders accept with probability 1.

Proof. [sketch] First, we show that the Proposer offering O and the responders
accepting all offers is an equilibrium. Since « < 1, it is always optimal for a proposer
to offer nothing if that offer will be accepted with probability 1. Next consider a
responder’s best response function in this proposed equilibrium. Note that by deviating
and choosing to reject the offer, the responder cannot decrease the size of the pie.
Since the other responder will accept, the final outcome after the deviation will still
be the proposer getting 100 chips and the responders getting nothing. Thus there is no
incentive to deviate. O
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Appendix B: Appendix to Section 4
B.1. Reference dependence over monetary payoffs

Here we consider a model in which preferences are reference-dependent with respect to
monetary payoffs, but the fairness preferences are fixed. Let a responders’ preferences
be given by u(wg wp|r) = nr + u(wr —r) + f(wr,wp) where r is the reference
point, i is the gain-loss utility, and f is the fairness utility. Let i and f be continuous
and assume that u(wg,300 — 37g|r) is strictly increasing in g for each r. This
guarantees that for each value of r, there is a minimally acceptable offer MAO(r).
Finally, we make the standard assumption that y is concave.!

PRroOPOSITION B.1.
MAO(r) is decreasing in r.

The intuition for the Proposition is simple: the higher the reference point r, the
more painful it is to get a payoff of 0, and thus the lower the MAO. Formally,
(g —r) — (0 —r) is decreasing in r because of the concavity of u.

Now the natural assumption to make about how experience shapes the reference
point is that experiencing higher offers or payoffs should lead to a higher reference
point r. This is the case in theories of backwards-looking reference points, as in
Bowman et al. (1999). Alternatively, if r is shaped by expectations which are based
on the types of offers observed, then r should again be increasing in history of offers.
Thus in experiment 1, r should be higher for responders in the PC market than for
responders in the RC market. The Proposition thus implies that PC responders should
actually have lower MAOs than RC responders - the opposite of our experimental
results. This implies that unless fairness preferences are themselves shaped by past
experience, there is no natural model of reference-dependence over monetary payoffs
that is consistent with our experimental results.

B.2. Belief-based reciprocity models

We now argue that belief-based reciprocity models do not offer a natural explanation of
our results. First, consider Dufwenberg and Kirchsteiger’s (2004) extension of Rabin’s
(1993) intention based reciprocity model. For the proposer, [0, 100] is the efficient set
of offers a, and thus the “equitable” benchmark is given by a7 = 50. If the proposer
believes that a responder accepts his offer of @ with probability €, then his kindness
toward this responder is thus fa — 50.

For the responder, the set of efficient strategies conditional on an offer a is simply
to accept; thus the “equitable” payoff to the proposer conditional on an offer a is simply
a. Therefore, if a responder rejects a proposer’s offer, his kindness toward the proposer

1. Note that our assumptions on ( are more general than those of K&szegi and Rabin (2006).
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is —a. Letting ¢ denote the strength of the reciprocity motive, the responder’s payoff
from choosing an MAO is given by

/[a—gaa(SO—aé]lszdﬁ(x) (B.1)

where F are the responder’s beliefs about the strategy of the proposer, and 6 is the
probability that the proposer thinks his offer will be accepted (from the responder’s
perspective; i.e., it is the responder’s second order belief). Thus the MAO is given
simply as the value M for which M — oM (50 — M é) = 0. The key feature of
this condition is that M does not depend on the responder’s expectation of proposer
behavior. Thus this model, combined with a reasonable theory of adaptively formed
expectations, would still not explain our results.

Similarly, in Falk and Fischbacher’s (2006) model, a straightforward extension of
(19) in their Appendix 3, shows that U, 4 — U; g, the relative gain from accepting versus
rejecting an offer a, is given by

Uss — Usg = a + ¢0(300 — 3a — a)(100 — a) (B.2)

Again, this shows that the acceptance decision does not depend on beliefsf: .

It is possible that past experiences might shape the second order belief . However,
there are no models of learning that posit how past experiences shape second-order
beliefs, and there is not a clear hypothesis about how our phase 1 experiences should
shape it. Moreover, intention based reciprocity models do not make a robust prediction
about how @ affects M. In Dufwenberg and Kirchsteiger (2004), M is decreasing in 6
while in Falk and Fischbacher (2006) M is increasing in 6 (note that the utility from
accepting is decreasing in 0 in equation (B.2) while it is increasing in equation (B.1)).

Appendix C: Salience Theory
C.1. Setup

The true utility function is U; = I1 [; — B max(r — u;,0) — o max(u; — r,0)], where
wi = m; /I is player i ’s share of the pie, and r = 1/N is the fairness norm in an N -
player game.

How a responder trades off payoffs and fairness, however, depends on which is
more salient. We let A; := u; — r denote how much the responder’s share of the pie
deviates from the fairness norm, and we let (i;, A;) denote the pair consisting of the
responder’s payoff and the fairness deviation. The salience of payoffs versus fairness
deviations depends on how those attributes depart from payoff and fairness values in
the responder’s evoked set. The evoked set £ includes 1) the option corresponding
to the proposer’s offer, (w(a;), A(a;)), where w(a;) = 3(100fi1i)+ai = 30025 and
A(a;) := m #—iZai — r. It includes 2) the option corresponding
to the responder rejecting, (0,0). And it includes 3) a historical average of payoffs

—r =
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and fairness values either experienced or observed by the responder, (/,LIH , AiH ). We
discuss the construction of the historical averages later.

Given the evoked set &£, the salience is determined by comparison to the reference
good (ji, A) given byji = M and A = w. The salience of a payoff
m; is given by o (u;, ft) and the salience of a fairness deviation A; is given by o (A;, A).
As in BGS, we assume that the salience function o (-, -) satisfies

1. Scale invariance. o (ax,ay) = o(x, y)

2. Diminishing sensitivity. If x > 0, then forany ¢ > 0,0(x + &,y +¢) <o(x,y),
with the inequality strict if y > 0.

3. Reflection. o(x,y) = o(—x,—Y).

A salience function that satisfies these properties for x,y # 0is o(x,y) = Ilel-T-\lel

Note that the maximum value of this salience function is 1, and that o(x,0) =
0(0,y) = 1 for x,y # 0. To define ¢(0,0), we thus make the more general fourth
assumption that 0 (0, y) = o(x,0) = 1 for all x, y.

As in BGS, the responder evaluates the option (i;, A;) as follows:

IT [wi — 8 (B max(r — pi, 0) + amax(u; —r.0)] if o(ui. 1) > o (A, A)
U’ = ¢ [ui — (Bmax(r — pu;,0) + amax(pu; —r,0))]  ifo(ui, ) = o(A;, A)
I [84; — (B max(r — p;.,0) + amax(u; —r.0))]  if o(ui. 1) < o(A;, A)

where § € (0, 1]. To ensure that the responder does not reject offers that give him
more than half of the pie, we make the reasonable assumption that «/§ < 2.

C.2. Explaining Experiment 1 results

The perceived utility of rejection is always zero. How does the responder evaluate the
utility of accepting the action? We first begin with the case in which (/LlH , AiH ) €
{(0,—1/3),(1,2/3)}. These two cases correspond to the equilibrium outcomes in the
PC and RC markets, respectively.

Case 1. (nH,AH) = (1,2/3). In this case, i = (1 + p;)/3 and A =
((ui —1/2) +2/3) /3. Thus payoff salience is given by o(u;, (1 + w;)/3) =
o(3ui, i + 1), while fairness salience is given by o (u; —1/2, (u; +1/6)/3) =
o (Bui —3/2,u; + 1/6). Now because the proposer makes an offer that gives the
responder a payoff smaller than his own, p; < 1/2, and thus the combination of the
scale invariance and diminishing sensitivity assumptions implies that fairness is always
more salient than payoffs in this case. The smallest share ; a responder is willing to
accept in this case must satisfy

Spi —B(1/2—pi) =0

and thus u; = % Since u; = - by definition, this shows that smallest offer

a;
300—2a
a responder is willing to accept in this case is thus M = 81—5%%% .
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Case 2. (;LiH,A,-) = (0,—1/3). In this case, i = pi/3and A = (u; —5/6) /3.
Thus payoff salience is given by o (i;, 1i/3) = o(3,1), while fairness salience is
given by o (u; — 1/2,(ui —5/6)/3) = o (3ui —3/2, ;i —5/6). Now because the
proposer makes an offer that gives the responder a payoff smaller than his own,
Wi < 1/2andthus A; and A are negative. In this case, payoffs will be more salient than
payoffs if and only if Zf:g;g < 3, which happens when p; < 11/24. When payoffs
are salient, the smallest acceptable share is the solution to

pi —86p(1/2—pi) =0

and thusis u; = %. Now since p; = #—izai’ the smallest offer that a responder
is willing to accept in this case is M; = %. When fairness is salient, the smallest

acceptable offer is given by M, = 81 ng as before. Because M; < M5, it follows

that the proposers will offer M, iff Z(%ﬁw)dl/%l or, equivalently, iff §8 < 11. If,
however, 6 > 11 then proposers offer M,. Note, however, that 8 < 11 is a very
general condition that is extremely unlikely to be violated. In the standard ultimatum
game without salience considerations, a 8 > 11 would imply that responders reject all
offers that give them less than 42.3% of the total pie.

ProrosiTION C.1. Suppose that §f<11. Then MAOrc = (%) MAOpc <
MAOpc.

C.3. The Mixture Model and the Role Switch and Full Information experiments

Is it observational experience or personal payoff experience that enters into the evoked
set £ as (!, AH)? While this does not affect our experiment 1 interpretation, since
the two are essentially identical, this can affect behavior in the Role Switch and the
Full Information experiments. We suppose that a fraction g relies on observational
experience, and a fraction 1 — ¢ relies on personal payoff experience. Out of those who
rely on observational experience, we suppose that in the Full Information Experiment,
a fraction w relies on what they observe in their own market, while a fraction (1 — w)
rely on what they observe in the other market. In this mixture model of the evoked set,
the distribution of the option (uf, Af) in the evoked set is thus as follows:

* For responders who were responders in the PC market and observed only that
market, (', A®) = (1,2/3) with probability 1.

* For responders who were responders in the RC market and observed only that
market, (uf, A”) = (0, —1/3) with probability 1.

« For responders who were proposers in the PC market, (1, A#) = (1,2/3) with
probability ¢ and (1, A#) = (0, —1/3) with probability 1 —g.

« For responders who were proposers in the RC market, (1, AH) = (1,2/3) with
probability 1 — g and (uf, AH) = (0, —1/3) with probability g.
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* For responders who were in the PC market but observed both markets,
(uf, AH) = (1,2/3) with probability 1 — g + gw and (W, A"y = (0,—1/3)
with probability g (1 — w).

* For responders who were in the RC market but observed both markets,
(uf, AH) = (0,—1/3) with probability 1 — ¢ + qw and (uf, AH) = (1,2/3)
with probability ¢(1 — ).

We now have the following result:

PropPOSITION C.2.  Suppose that §8 < 11. Define M), = ;j_g% and M; = §2M;,
where §2 := ‘SIZJ;FTZS‘? < 1. Then
1. For responders who were responders in the PC market and observed only that
market, the average MAO is My,
2. For responders who were responders in the RC market and observed only that
market, the average MAO is M; = §2M h
3. For responders who were proposers in the PC market, the average MAO is
gMp + (1 —q)M; = My, [q + (1 —q)8?]
4. For responders who were proposers in the RC market, the average MAO is
(1 — )My + gM; = My [1 — q + q5?]
5. Forresponders who were in the PC market but observed both markfits, the average
MAO is (1 —q + qw)My + q(1 —0)M; = My [1 — q + qw + q8* — qw§?]
6. For responders who were in the RC market but observed both markets, the average
MAO is (1 — q + qo)M; + q(1 — 0)My, = My [q — qw + 6% — 452 + qws?].

Appendix D: Convergence results

In this appendix, we show that if players enter the same environment with
different experiences, then preferences will eventually converge. We make several
simplifications: we assume that « = 0, and we assume that the effect of past
experience is solely through the reference point . We consider play in periods t =
—T,...,0,1,2,...00. In periods t = —T,...,0, players participate in some n player
game (possibly one of the market games), while in periods ¢ = 1,2,... players
participate in a non-competitive ultimatum game. As in section 3.3, we let u! denote
the share of the pie that player i received in period ¢, and set ;Lﬁ = 0 if all n players
received zero payoffs in the respective period. We assume that the proposer’s payoff in
periods ¢t > 1 is given by k(Y — a), while the responder’s payoff is given by a, where
a is the offer.

In period t = —T, player i’s reference point in an n person game is given by
pLi_T = 1/n. In periods t > —T, the reference point of player i in an n-player game
is given by

Zl_:l_ Wr—1—z ]
rf=1-7)(1/2)+y Zf,_f L

7=—7T Wt—1—1
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where wo, wi,...... is an infinite sequence given by wo = 1 and w; = 8§/ for some
8 €[0,1]

In the simple specification adopted here, the reference point is a convex
combination of the “neutral reference point” 1/n and the weighted average of past
personal payoff experience. Augmenting the specification to allow for observational
experience would not change our results.

We consider the evolution of play between a proposer and a responder in periods
t > 0. We let r;, and rfe denote the proposer’s and responder’s period ¢t > 0 reference
points. We assume that each period, proposers and responders have perfect information
about each others’ reference points, and play an SPE of the non-competitive ultimatum
game. We let M denote the minimal acceptable offer of a responder i in period ¢ > 0,
and let a’ denote the proposer’s period ¢ > 0 offer.

Throughout this analysis, we will be concerned with steady state preferences and
strategies.

DEFINITION D.1. A steady state is a pair of strategies (a*, M *) and reference points
(rp,rg) such that
(a*, M*) is an SPE of the ultimatum game in which players have the fairness

reference points (3, %)
.7'[[)

rp=0-y)(1/2)+ e andrg = (1—-y)(1/2) +y ”R ——~, where 75, and

Tty
my are the proposer’s and responder s steady state SPE payoffs

Our first result in this section is that there is a unique steady state to which play
always converges:

PropoSITION D.1.  Assume that y < 1. Then there is a unique steady state
((a*,M*), (r;’;,rZ)). In the steady state, a* > 0, a* < k(Y —a*), and a* = M*.
Moreover, this steady state is globally stable. That is, for any set of initial experiences
g }t_ 1> Dreferences and strategies converge to the steady state:

lim rb =rp and lim rf =r}

t—00 t—00
lim ' =a¢* and lim M' = M*
t—>o0 t—>00

Proposition D.1 shows that if players have enough experience in the ultimatum
game environment, then their fairness preferences in that environment can be
characterized as a fixed point of an adjustment dynamic. In fact, Proposition D.1 shows
that our model uniquely pins down what the steady-state fairness preferences can
be—the steady state is unique. The only assumption needed to guarantee uniqueness
is that y < 1: that is, that players’ fairness preferences are not completely (though
perhaps arbitrarily close to) determined by past experience.

A second prediction of the model is that when players have extreme past
experiences as in our market conditions, convergence to the steady state will be
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monotonic. That is, PC responders should monotonically decrease their MAOs, while
RC responders should monotonically increase their MAOs:

0 0

t t
t=—T MR 1=—T Hp
PROPOSITION D.2.  Assume that y < 1 and that =757 + =57+ < 1.

0 t
1. I]‘Z’%JFTIMR <r}, then forallt > 0, M* < r} but is strictly increasing in t.

0 t
2. Ifz’?;flu’* > rk, then for allt > 0, M" > r} but is strictly decreasing in t.

Proposition D.2 simply says that even though responders” MAOs should not reach
steady state levels in a finite number of periods, the effect of past market experience
should still diminish over time.

Proof of Proposition D.1.  Step 1: We first show that there is a unique steady state. In
any steady state, we must have

M* = Blrgk(Y —M™) + M*) - M*] =0, (D.1)
which can be rearranged to show that

M* B Bry
k(Y —M*)+ M* 1+ 8

(D.2)

Offering a* = M ™ is clearly optimal for the proposer, conditional on making an
offer that the responder will accept. Moreover, since rj + r = 1 by definition, some
algebra shows that

rplk(Y = M™*) + M*] < k(Y — M%),

from which it follows that the proposer derives positive utility from making an offer
a* = M*. Thus the proposer’s optimal strategy is to offer a* = M™ in any steady
state.

Plugging in a* = M * into (D.2), and using the definition of 7, we now have that

B
1+ 8

Equation (D.3) is a linear equation in r with a unique solution given by

(I-y+B0-y)
2428(1—y)

Thus there can be at most one steady state. We now show that the unique solution
does, indeed, correspond to a steady state. First, examination of equation (D.4) shows
that rz € (0, 1): since (1 —y) < 2, it is clear that the numerator is smaller than the
denominator. Next, by definition of M*, accepting an offer of a* = M* is weakly
optimal for the responder. And as we have already established, offering a* = M* is
also optimal for the proposer.

rr=0-y)1/2)+y IR (D.3)

(D.4)

*_
rR—
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Step 2: We now show that for each ¢ > 0, there exists a¢ > 1 such that rfa + rlt, <
1 + &. To see this, notice that ,u’R + ,u;, < 1fort > 1, regardless of the outcome in
period ¢. Thus

t—1 T T
¢ ¢ r=—T Wi—1—tlhp + Wsr—1—Up
rr+rp = (I=y)+vy P
=—T We—1—1
ZO w /*Lr +w Mt t—1 w
< (1 _ )/) +y t=—T Wt—1-ttR t—1-tHp =1 WYt—1-1
— Zt—l Zl—l
1=—T Wt—1-1 1=—T Wt—1-1
0 0
- 14+ Drm T Wit + Wimi—tfp D7 Wi—1—¢
- 14 —1 T -1
=T Wi—1—1 =T Wt—1—1
But 0 0
Zr:—T wt—l—rﬂ}q + wt—l—rﬂfv < Zr:—T 2wi—1-1
t—1 - t—1
Z‘[:—T We—1—1 r=—T7 Wt—-1—1
and

0
Z:_:l_T Wer—1—1 _
=—7T Wt—1—1
as t — o0o. Thus for each ¢ > 0, there exists a ¢ > 1 such that ’”;e + r;, <1+e.

Step 3: We now show that there is some ¢ > 1 such that a’ = M forall t > ¢T;
thatis, forall ¢ > ¢T, the proposer derives positive utility from offering M’ and having
that offer accepted.

Set rh, = 1 —r% + &'. As in the proof of Proposition D.1, we have that r§ [k (Y —
M?") + M'"] > M". Thus

rhlk(Y — MY + M']

(A —rk + ek —M") + M)
k(Y —=M") + M) —M" + &' [k(Y —M") + M']
= k(Y =M+ k(Y —M")+ M.

A

This means that the proposer’s utility from offering M’ is such that
ulp > k(Y — M") — Bmax(¢’,0).
Moreover, because 1% < (1 —y)/2 +y = (1 4 y)/2, it easily follows that

_ kpriY
1+ B(L—rh) + kB

t

is bounded away from Y (for all possible 8) as long as y < 1. Thus we have that for
all 7, there is some ¢ > 0 such that k(Y — M) > c. By step 2, there is a ¢T such that
Be' < cforallt > ¢T. Thus there is a T such that k(Y — M?) — B max(¢?,0) > 0 for
allt >t
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Step 4: We now strengthen step 2 to show that |r}, + r% — 1| — 0. By step 3, we
now have that % + % = 1forall t > tT. Thus for ¢t > ¢,

S Wl Wi
t t T=— L —-trp
rp+rp = (I=y)+vy —1
=T Wi—1—1
tT—1 T T -1
_ (1 _ )/) Yy Zr=—T Wir—1—tM R + We—1—tMp n Zr:ﬁ Wr—1—1
= t—1 -1
r=—T Wt—-1—1 r=—T Wt—1-1
171 tt—1
- 14y e=—T Wi—1—tlp + Wi—1-c/tp _ 2=—T Wi-1-1
- t—1 t—1
ZTZ_T We—1-1 Zf:_T Wi—1—1
But since
tt—1 T T
1=—T Wi—1—t{p + Wr—1—clp
P —0
Z-[=_T Wt—1—1
and

tT—1

E Wr—1—
=—T7 Wit—-1—-1
t—1
=—T Wt—1—1

ast — 00, it follows that r% + rf,, —last — oo.
Step 5: We now finish off the proof of the proposition by proving that the steady

state identified in Step 1 is globally stable.

=1 -
Wt 4]
Define Vﬁz = —Zrth —

YT Wi—1—¢

EW)=(1=y)/2+ yv.

Define the map ¥ : R — R as follows:

. Define the map £ : R — R as follows:

_ PEW)

YW =7

Notice that ¥ is linear in v and has slope y8/(1 + ) < 1; thus ¥ is a contraction
and has a unique fixed point. In a steady state, r = £(v%), and thus equation (D.2)
implies that
M*
k(Y —M*)+ M*

But since v = m by definition, it follows that the unique fixed point of

Y corresponds to the unique steady state.
Now for ¢T defined as in step 3, r’ = &(v') and m = 1 (vk) for all

=Y (vR). (D.5)

t > tT. Because § is strictly increasing, each value of v; corresponds to a unique value
of M. Because V is strictly increasing and because m is strictly increasing
in r%, each value of v% also corresponds to a unique value of M. Because £ and v are
both continuous functions of v, showing that v% — v will thus imply that M L > M*
and r& — rk. Moreover, since |r% + ri, — 1| — 0 by Step 4, convergence of rf, will
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also imply convergence of r5. And finally, since Step 3 shows that a* = M’ for all
t >, v% — vk will thus also imply that al = a*.

Because V¥ is an increasing and linear function of v’ that crosses the 45-degree line
exactly once, it thus follows that ¥ (v) € (v*,v) for v > v* and ¥ (v) € (v,v*) for
v < v*. By definition,

1+1 Wo t Wo '
VR = MR\l |k (D.6)
Zr=—T Wi—z Zr=—T Wi—1
is a convex combination of vk and ¥ (vh) = /C(YAA}—:)-FMt = [, which implies that

t+1

v € (v, vi) if vh > vk, Similarly, it follows that vH'l

€ (vh,vy) if vl <vi.
For ¢1 defined as in step 3, a simple induction thus implies that if vg < V. then
vl ® Will be strictly increasing for ¢ > t% and bounded from above by v*. Similarly, if
vg > v*, then v% will be strictly decreasing for ¢ > ¢¥ and bounded from below by
Vg Because any monotonic and bounded sequence converges, Vi'e must converge to
some v** € [0, 1]. Because each value of v; corresponds to a unique value of M?,
and because V¥ is continuous in v, there must, therefore, exist some M ** such that

M?! — M** Thus

Mt M**
AU, Wr = A8, k(Y — M)+ M k(Y — M*) + M*
It is then easy to show that
o — Ztr__l_T Wr—1— rlL, = M**
P TV SRR
On the other hand,
M! M**
Y(vR) =

KY MY+ M. k(Y = M*™) + M*™"

But since v is continuous, we therefore have that ¢ (v**) = v**. And because v has
a unique fixed point, it must be that v** = v%, thus completing the proof.

Proof of Proposition D.2. Since rI’, + r}a < 1forall t > 1, the reasoning of Step
3 in the proof of Proposition D.1 implies that the proposer will offer a’ = M! in all
periods ¢ > 1. Thus fort > 1, 7! = £(vk) and m =y (vh).

As in the proof of Proposition D.1, a simple induction thus implies that if 1)11e <V,
then v%, will be strictly increasing for 7 > 1 and bounded from above by v*. Similarly,
if v! > vk, then vl will be strictly decreasing for 7 > 1 and bounded from below by
vk Butsince M? is a monotonic function ¢(-) of vk such that M™* = ¢(v}), the result
follows.
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Appendix E: Comparing Phase 1 and Phase 2 proposer offers

Proposer Offers in Baseline Experiment
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FIGURE E.1. Proposer offers in phase 1 and phase 2 of the Baseline Experiment.

Appendix F: Regressions with differently coded experiences

In this section, we analyze whether our results on the effect of observational experience
and personal payoff experience are sensitive to their respective definitions. First, we
have measured observational experience and personal payoff experience simply as the
respective average over all 15 periods of phase 1. As an alternative to plain averaging,
we consider weighted averages, G(u™,"%) = g (X&' u!/ Y 8.3 8"v! /3" §"), which
give more weight to more recent periods in phase 1 of the experiment. Second, we have
made assumptions about observational experience in the Full Information treatment
experiment as well as about personal payoff experience in case of rejection, and we
would like to check whether our results are robust to changes in these assumptions.

Table F.1 shows results of the same IV GMM regression that is presented in
columns (5) and (6) of table ?? of the paper, but uses alternative measures of personal
payoff experience and observational experience.

Two different weights have been used to construct the geometric averages: § = 0.9
and § = 0.95. It can be seen that using geometric averages does not qualitatively
alter our results. Observational experience and personal payoff experience remain
significant determinants of responders minimum acceptable offers in phase 2 of the
experiment. Also, the magnitude of the estimated coefficients remains quite stable.
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TaBLE F.1. The effect of discounted experiences on minimum acceptable offers

)] 2 3) “
MAO MAO MAO MAO
Observational experience (§ = 0.9) 23.84%%* 23 7]3k*
(6.33) (8.43)
Personal payoff experience (§ = 0.9) 11.76** 20.12%%*
(5.14) (9.93)

Observational experience (§ = 0.95) 24.85%** 2] 7]5%**
(6.67) (7.44)
Personal payoff experience (§ = 0.95) 12.15%* 17.17%*
(5.32) (8.45)
Constant 32.03%%*  343%*k% 3] RQkk 35 FGkk
4.74) (3.42) 4.79) (3.34)
Adj. R? 0.02 0.03 0.02 0.04
Observations 222 3330 222 3330

Instrumental variables regressions estimating the impact of phase 1 personal payoff experience and
observational experience on phase 2 MAOs. Estimates computed using the iterative GMM estimator. All
regressions are IV GMM regressions, similar to those in columns (5) and (6) of table 6 of the paper.
However, here observational experience and personal payoff experience are geometric means of first period
offers and payoffs. The discount rate is either § = 0.9 or § = 0.95. Observational experience and personal
payoff experience are instrumented using 6 dummies, one for each market treatment and experiment.
Columns (1) and (3) contain period 1 observations of phase 2 only. Columns (2) and (4) use data from
all 15 periods. All regressions also contain dummy variables for high proposer personal payoff experience
and for high proposer observational experience. Robust standard errors are clustered by phase 1 market
matching group (30 clusters). Significance levels: * = 10%, ** = 5% and *** = 1%.

Consequently, our results on the impact of observational experience and personal
payoff experience are robust to alterations in the construction of these measures.

Second, we had to make assumptions on experienced payoff shares in case of
rejections, i.e., when the total sum of payoffs is 0. In the paper, we have assumed that
in these cases, the personal payoff experience is equal to 0. An alternative intuition is
that in an N -player group, /Lf = 1/N when IT’ = 0, to reflect the possibility that when
everyone gets the same payoff (even when it’s zero) the player feels like it was such
an equitable outcome that his subsequent feelings of entitlement move towards him
getting an even share of the surplus. Additionally, in the Full Information experiment,
all subjects received feedback about the average offer in the RC and in the PC market.
We have assumed that all subjects correctly weight the information from the PC market
twice as much as the information from the RC market, reflecting the fact that there are
twice as many offers comprised in the average offer of the PC market. Alternatively, itis
possible that subjects weigh these two pieces of information equally. Consequently, we
test the robustness of our results with regard to the assumed observational experience
of subjects in the Full Information experiment.

Table F.2 replicates columns (5) and (6) of table ?? from the main paper using
these alternative codings of personal payoff experience and observational experience.
Personal payoff experience?2 is the recoded personal payoff experience variable and
observational experience?2 is the recoded observational experience variable. Columns
(1)-(6) replicate the original estimations in table ?? of the paper using different
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TaBLE F.2. Alternative codings of observational experience and personal payoff experience

&) 2 3 “ &) (6)
MAO MAO MAO MAO MAO MAO
Observational experience2 ~ 26.00%%*  15.96%** 26.72%%%  16.43%**
(7.06) (5.11) (6.93) (4.97)

Personal payoff experience ~ 12.59%* 10.84%*
(5.52) (5.36)

Observational experience 26.72%%%  16.43%**
(6.93) (4.97)
Personal payoff experience2 12.40%*  10.92%*  12.41%*%  10.92%%*

(5.48) (5.34) (5.48) (5.33)

Constant 31.71%%%  39.16%**  3]1.26%** 38.83%** 3]1.20%** 38.83***
(4.84) (3.19) (4.74) (3.15) (4.74) (3.15)
Adj. R? 0.025 0.047 0.030 0.050 0.030 0.051
Observations 222 3330 222 3330 222 3330

Instrumental variables regressions estimating the impact of phase 1 personal payoff experience and
observational experience on phase 2 MAOs. Estimates computed using the iterative GMM estimator. All
regressions are IV GMM regressions, similar to those in columns (5) and (6) of table 6 of the paper.
However, observational experience?2 differs from observational experience (as used in the paper) in how
observed offers in the Full Information experiment are weighted. Observational experience gives 2/3 weight
to the average offer in the PC market and 1/3 weight to the average offer in the RC market, reflecting the
fact that there are twice as many proposers in the PC market. Observational experience2 weighs the average
offers in the RC market and PC market equally in each period. Personal payoff experience2 codes personal
payoff experience as 1/3 in case an offer is rejected by all subjects. Personal payoff experience, on the other
hand, codes rejections as a personal payoff experience of 0. Observational experience and personal payoff
experience are instrumented using 6 dummies, one for each market treatment and experiment. Columns
(1), (3) and (5) contain period 1 observations of phase 2 only. Columns (2), (4) and (6) use data from all 15
periods. Standard errors are clustered at the phase 1 market matching group level (30 clusters). Significance
levels: * = 10%, ** = 5% and *** = 1%.

combinations of the recoded variables. Again, it can be seen that our estimates are
robust to these changes in the definition of observational experience and personal
payoff experience. The magnitude of the estimated coefficients is remarkably stable,
and observational experience and personal payoff experience remain significant
determinants of responders’ minimum acceptable offers independent of the precise
definition of these terms.
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Appendix G: Ruling out Anchoring

As we note in section 4.3 of the paper, experimental evidence has shown that
individuals can be influenced by arbitrary anchors (Lichtenstein and Slovic 2006;
Kahneman and Tversky 2000; Ariely et al. 2003; Simonson and Tversky 1992), and
that behavior that appears to be consistent with expressing a particular preference can
in fact be the result of arbitrary anchoring.? On the face of it, our path-dependence
account may seem very similar to anchoring. However, there is one crucial difference.
We posit that past experience affects preferences, and we further show that differences
in preferences will affect behavior in environments such as the Ultimatum Game, but
that they will not affect behavior in competitive market games as in phase 1 of our
experiment (see Appendix A). In contrast, standard anchoring and adjustment theory
(Tversky and Kahneman, 1973) does not make such a prediction. This theory states that
subjects’ choice of action (e.g., offer) starts at some anchor, and then is incompletely
adjusted toward the optimal choice of action. Formally, the choice of action is given by
a = (1 —k)¥ + ka™* where ¥ is the anchor, a* is the optimal action, and « € [0, 1] is
the degree of adjustment away from the anchor. Such anchoring and adjustment theory
would predict that anchors should also have an effect in the market games.

Here, we provide evidence that suggests that behavior in our experiment is not
driven by the mere provision of arbitrary anchors. To show this, we exploit a design
feature in the Full Information experiment. In this experiment, all subjects received
feedback about the average offers in both the PC and the RC markets after every
period during phase 1 of the experiment. If responders’ acceptance behavior were
influenced by the provision of arbitrary anchors, we should observe that responders in
the RC market in the Full Information experiment show higher acceptance rates than
Responders in the RC market in the Baseline or in the Role Switch experiment.? This
is the case because in the Full Information experiment, they are subjected to higher
anchors than in the Baseline experiment or in the Role Switch experiment, in which
responders only get to observe the offers made by their matched proposer.

Table G.1 contains information that tests whether the information provided in the
Full information experiment indeed provides an alternative anchor and consequently
changes proposers’ offers. Moreover, table G.2 provides results from a probit
regression that test whether responders’ acceptance behavior is affected by the altered
anchor in the Full Information experiment. It turns out that neither proposers’ offers
nor responders’ acceptance behavior in the Full Information experiment is statistically
different from the respective behavior in the Baseline or the Role Switch experiment.
Interacting a Full Information experiment dummy with both an RC market dummy
and a PC market dummy yields insignificant and economically very small coefficients,
implying that proposer and responder behavior in neither the RC nor the PC market

2. See, however, Fudenberg et al. (2012) and List et al. (2013) for evidence questioning the robustness of
these anchoring effects.

3. We restrict attention to the RC market because in the PC market, responders almost never reject both
offers, and hence there is not enough variance in the data to identify a potential impact.
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TaBLE G.1. OLS regressions on proposer offers

(H )
Full info * PC Market 1.32 1.76
(0.98) (1.40)
Full info * RC Market -3.73 2.11
3.61) (3.77)

PC Market 41.34%%% 46,73
3.07) (3.40)

Constant 36.99%%* 3] ] 5%k
(2.99) (3.17)
Adj. R? 0.69 0.72
Observations 3330 2430

OLS regression of proposer offers on treatment dummies and interactions. PC Market indicates
observations from the Proposer Competition market. Full info*PC Market is an interaction between a Full
Information experiment dummy and a proposer competition market dummy. Equivalently, Full info*RC
Market is an interaction between a Full Information experiment dummy and a responder competition
market dummy. Column (1) contains data from all 3 experiments. Column (2) only compares the Full
Information experiment and the Baseline experiment. Standard errors are clustered at the phase 1 market
matching group level (30 clusters in columns (1) and (3), 22 clusters in columns (2) and (4)). Significance
levels: * = 10%, ** = 5% and *** = 1%.

TaBLE G.2. Probit regressions on responder acceptance decisions

(1) (2)
Accept Accept

Maxoffer 0.01%** 0.017%**
(0.00) (0.00)
Full info * PC Market  -0.05 -0.01
(0.05) (0.04)
Full info * RC Market —0.00 -0.04
(0.03) (0.04)
PC Market 0.02 -0.04
(0.04) (0.08)
Adj. R? 0.23 0.21
Observations 3330 2430

Marginal Effects of a Probit regression of responder acceptance decisions on treatment dummies and
interactions. PC Market indicates observations from the Proposer Competition market. full info*PC Market
is an interaction between a Full Information experiment dummy and a proposer competition market dummy.
Equivalently, Full Info¥RC Market is an interaction between a Full Information experiment dummy and a
responder competition market dummy. Maxoffer contains the best offer made to responders in a particular
round. In responder competition, there is only one offer. In proposer competition, it is the higher of the
two offers made. Column (1) contains data from all 3 experiments. Column (2) only compares the Full
Information experiment and the Baseline experiment. Standard errors are clustered at the phase 1 market
matching group level (30 clusters in columns (1) and (3), 22 clusters in columns (2) and (4)). Significance
levels: * = 10%, ** = 5% and *** = 1%.

was affected by the altered anchor in the Full Information experiment. Consequently,
anchoring does not seem to be a driving force of behavior in our experimental setting.
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Appendix H: The Full Information Experiment

TaBLE H.1. Minimum Acceptable Offers in the Full Information Experiment

OLS v
ey @3 3) )
MAO MAO MAO MAO

PC Responder 11.55* 5.64

(6.11) (5.64)
Personal payoff experience 19.69 ** 9.62

9.97) (9.27)

Constant 48.45%#% 47 58*F*FLT 17 ¥#%46.95 ***

(4.67) (3.90) (4.81) (3.98)
Adj. R? 0.01 0.03
Observations 87 1305 87 1305

17

Columns (1) and (2) show results of an OLS regression. Regressions include a dummy for proposer phase 1
market experience. Column (1) uses data from period 1 of phase 2 only. Column (2) uses all data. Columns
(3) and (4) show IV GMM regressions, in which payoff experience is instrumented using 6 dummies, one
for each market treatment and experiment. Observational experience cannot be included here because it
is constant across treatments in the Full Information experiment. Column (3) contains data from period
1 only. Column (4) contains data from all 15 periods. Standard errors are clustered at the phase 1 market

matching group level (18 clusters). Significance levels: * = 10%, ** = 5% and *** = 1%.
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Appendix I: Phase 1 of the Role Switch and the Full Information Experiments
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FIGURE I.1. Left Panel: Average offers over time under responder competition and under proposer
competition in phase 1 of the Role Switch experiment. Right Panel: Average offers over time under
responder competition and under proposer competition in phase 1 of the Full Information experiment

The exogenous assignment to either the PC market or the RC market also had
strong effects on market outcomes and personal payoff experiences in the Role Switch
and the Full information experiment. Figure I.1 shows average offers in phase 1 of both
experiments for all 15 periods. Not surprisingly, a very similar pattern to phase 1 of
the Baseline experiment emerges. In both experiments, the difference in average offers
between the RC market is large. In an OLS regression of offers on a PC market dummy,
offers on average differ by 35 chips in phase 1 of the Role Switch experiment and by
46 chips in the Full Information experiment. Both differences are highly significant
(p < 0.001).
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